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Challenges - Data

1 day of salllng creates 4OBN rows of data from thousands of sensors
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Data Management Requirements

Core | Analytics GPS
Data

Row-Based Columnar Spatial
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Converged Database
Oracle Autonomous Database




Speed v Distance
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Why did FRA loose from GBR ?

Each race generates 1200 data points per second
for each boat
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Predicting the Speed
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= ORACLE wvachine Learning

Create Experiment

Name *

Predict F50 Spead

Comments

Data Source *

———=Table with training data

Prediction Type *

Regression

» Additional Settings

B8 SAILOR Project [SAILOR Workspa... ~ < SAILOR +

P Start

Value that we will try to predict

predict *

BOAT_SPEED

Case D

Column that uniquely identifies each row

« Features

Q3 Refresh

L) Name Type Percent NULLs Distinct Values Min Max Mean

@ BOAT_SPEED NUMBER o 1894 0.0042 51 29.82
PK NUMBER

[ | PREDICTED_BOAT_SPEED NUMBER

v WIND_ANGLE . NUMBER L 2000 0.1164 179.9892 88.31

—= The input features that will be used to predict boat speed later
[v/| WIND_SPEED NUMBER 0 2000 2.0247 299757 15,89
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Predict the optimal course-n The Ghost
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Data from all Boats
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Compare with actual course taken

Optimal Course Actual Course
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SaillGP monitors F50 Catamarans with OCI
Anomaly Detection

Business Challenge
Anll dzLjDZE gyz2 dzy5pZ*y L) 5dz 51 LJ*! =z*I 35L35+1 ! D3
peak performance (top speed) during the race.

A Detect anomalies in data captured from 28 onboard sensors from 8 sailboats after a
racing event. ldentify onset of sensor degradation and replace faulty sensors prior to the
next racing day/event.

A Free up human operators for higher value -add tasks without degrading performance or
overfitting.

Results
OCI Anomaly Detection is used for identifying anomalies based on every race data. SailGP
has performed

A 400 million inferences through OCI Anomaly Detection Service in just 1 race event
A >13,000 web service calls every race
A 30,000 data points per OCI Anomaly Detection API call

SailGP_Case Study
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https://blogs.oracle.com/cloud-infrastructure/post/sailgp-processes-240k-data-points-per-second-on-oci
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Match Insights, powered by Oracle Cloud Premier League

MOMENTUM TRACKER

WEST HAM UNITED 3-3

7 \WESTHAM.
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Average Position v Tottenham
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Match Insights—
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Direct play captures instances of

play in which teams attempt to

move the ball quickly towards the

+! 1 $dz51L5 I Edz 3+fyp L
of long passes . Specifically, it looks

at the forward distance gained.
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A counter attack occurs once a

team regains possession and

moves the ball into an attacking
areavia passes, dribbles or a
combination of both. In order to

gualify as a counter attack, the ball

must reach a target location within
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As a playing style, crossing occurs

if the ball is delivered froma  wide
area of the pitch with the intention

of finding a teammate. All crossing
events in a possession are assigned
a value of 100 per cent.
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LEEDS UNITED1-1

As the match ebbs and flows, this statistic tracks

how likely the IS to score a
goal in the next based on data from
thousands of
| @
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ORACLE

Oracle Red Bull Racmg

Driven by data, built to win =

A Partnership
Driven By Data
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Oracle Red Bull Racing

Race Strategy

Running billions of
simulations to execute
race day strategy

ORACLE
RedBull 8

R ACI NG CLOUD PARTNER

Young Driver
Development

Red Bull Advanced
Technologies use Al and
Machine Learning to
develop the next
generation of drivers

2026 Engine
Development

Red Bull Powertrains uses
HPC resources to run
computational fluid
dynamics to build the next
generation F1 engine

Fan Experience

The Oracle Red Bull Racing
Paddock, a first of its kind
platform to better
understand the fans and
give them unique and
personalized experiences






Race strategy simulation

Oracle Red Bull Racing runs millions of race simulations before and during the race
weekend to gain strategic advantage on the track N predicting the unpredictable.
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Oracle Cloud I1s used to
run massive Monte Carlo

simulations globally

Double throughput for a penny/core
Easily experiment with dozens of hardware configurations
Oracle Red Bull Racing always has the latest technology at hand

The scale to run all the workloads simultaneously and flex the
workloads up and down as needed
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